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Abstract 

This paper presents a systematic literature review that explores the potential of integrating artificial 
intelligence and radiomics for the early detection of dental caries. Dental caries, a prevalent global health 
issue, often goes undetected in its early stages using traditional diagnostic methods such as visual-tactile 
examination and conventional radiographic imaging. These approaches may fail to consistently identify 
incipient lesions, leading to delayed treatment and progression of the disease. The integration of artificial 
intelligence and radiomics, which involves extracting quantitative features from medical images, 
presents a promising solution for enhancing early caries detection. Radiomics leverages texture analysis 
techniques to identify subtle changes within dental radiographs that are often imperceptible to the human 
eye. When combined with AI models, particularly convolutional neural networks, these systems can 
develop predictive algorithms that detect and characterize early-stage carious lesions with improved 
accuracy. This literature review explores the potential of AI-radiomic approaches in revolutionizing 
dental diagnostics by addressing limitations of traditional methods and providing a roadmap for clinical 
integration. We also discuss the challenges in implementing these technologies, such as data availability, 
methodological rigor, and ethical considerations, emphasizing the need for robust validation and 
interdisciplinary collaboration to achieve seamless integration and improved patient outcomes. 

Keywords: Dental Caries, Caries Diagnosis, Digital Radiography, Artificial Intelligence (AI), Texture 
Analysis, and Radiomics 

Introduction  

Dental caries, a prevalent global health issue, is the localized destruction of the hard tooth structure, 
often referred to as tooth decay. (Dhopte & Bagde, 2023) Early detection and management of carious 

 
 
Address for correspondence: Dr Hala Alsayed Medical Group, Bahrain. 
E-mail: Hashim@drhalamedicalgroup.com ORCID 0009-0006-0537-0942 
Received: October 24, 2024 Revised: November 4, 2024 Accepted: November 10, 2024 
Published: January 25, 2025 

 

 

https://halafoundation.com/index.php/ijchmd/index
https://halafoundation.com/index.php/ijchmd/index
https://halafoundation.com/index.php/ijchmd/index
https://halafoundation.com/index.php/ijchmd/index
https://orcid.org/0009-0006-0537-0942


 

IJCHMD                                                                                                                      2025;1(1):1-23 
 
lesions is crucial to prevent disease progression and ensure effective treatment. (Saffan, 2023) 
Traditional diagnostic methods, such as visual-tactile examination and conventional radiographic 
imaging, have inherent limitations in consistently identifying early-stage lesions, leading to delayed 
intervention and increased risk of the disease worsening. (Saffan, 2023) 

Emerging advancements in dental diagnostics, including laser Doppler flowmetry and three-dimensional 
scanning, have shown promise in enhancing caries detection.   However, these techniques may still fall 
short in consistently identifying subtle, non-cavitated lesions. The integration of artificial intelligence 
and radiomics, a field that extracts quantitative features from medical images, presents a transformative 
solution for revolutionizing early caries diagnosis. (Najjar, 2023) (Anil et al., 2023) 

Radiomics leverages advanced computational techniques to analyze the underlying texture and spatial 
patterns within radiographic images, allowing for the identification of imperceptible changes in dental 
structures that may indicate incipient carious lesions. (Elmahdy & Sebro, 2023) By extracting a 
comprehensive set of quantitative features, radiomics can uncover these subtle changes, which are often 
missed by traditional diagnostic methods. Integrating radiomics with AI-driven models, such as 
convolutional neural networks, enables the development of predictive algorithms that can accurately 
detect and characterize early-stage carious lesions, ultimately improving diagnostic accuracy and guiding 
timely intervention. (Zheng et al., 2021) 

This literature review aims to explore the current state of research on the integration of AI and radiomics 
for the early detection of dental caries, addressing the limitations of traditional diagnostic methods and 
providing a roadmap for the clinical implementation of these transformative technologies. 

Limitations of Traditional Caries Diagnosis Methods 

Current diagnostic methods for dental caries, such as visual-tactile examination and radiographic 
imaging, have inherent limitations in consistently identifying early-stage lesions. Visual-tactile 
examination relies heavily on the clinician's subjective assessment and can often miss subtle, 
non-cavitated carious lesions. (Abogazalah & Ando, 2017) 

Traditional radiographic imaging, while widely used, is limited in its ability to detect early-stage carious 
lesions, particularly in the interproximal and occlusal regions. (Haghanifar et al., 2020) The limitations 
of these conventional approaches underscore the need for more accurate and objective diagnostic tools to 
improve early caries detection. (Gómez, 2015) 

Methods  

Search Strategy 

A comprehensive literature search was conducted using relevant databases, including Socpus, PubMed, 
Embase, Google Scholar, and Cochrane Library, to identify the latest studies published from 2014 to 
2024 that explored the integration of artificial intelligence and radiomics for early caries detection. The 
search strategy involved a systematic and in-depth query using a combination of keywords and Medical 
Subject Headings terms, such as "dental caries", "early caries diagnosis", "radiomics", "texture analysis", 
"convolutional neural networks", "machine learning", and "artificial intelligence". This broad and 
targeted search approach aimed to capture the most current research and innovative developments in the 
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application of AI and radiomics for the early detection of dental caries, ensuring a thorough and 
comprehensive review of the available evidence. 

Inclusion and Exclusion Criteria 

The literature review process involved the rigorous application of specific inclusion and exclusion 
criteria to ensure the selection of high-quality, relevant studies that focused on the integration of artificial 
intelligence and radiomics for the early detection of dental caries. Studies were included if they met the 
following criteria: 

● Centered on the integration of advanced technologies, such as artificial intelligence and 
radiomics, for the purpose of early caries detection. 

● Utilized digital dental radiographic imaging modalities, including bitewing or panoramic x-rays, 
as the primary source of data for the analysis. 

● Employed sophisticated computational techniques, encompassing machine learning or deep 
learning algorithms, to analyze and extract meaningful radiographic texture patterns and features. 

● Reported on the diagnostic performance, accuracy, and potential clinical implications of the 
AI-radiomic approaches in identifying and characterizing early-stage carious lesions. 

Conversely, studies were excluded if they: 

● Focused solely on traditional diagnostic methods for caries detection without incorporating the 
advanced capabilities of artificial intelligence and radiomics. 

● Utilized non-radiographic imaging techniques, such as intraoral photography or optical coherence 
tomography, as the primary imaging modality, which may lack the necessary depth and spatial 
resolution to capture the subtleties associated with early carious lesions. 

● Concentrated solely on the development of AI models without the application of comprehensive 
texture analysis and radiomics, thereby limiting the ability to uncover the intricate patterns and 
quantitative features that could aid in the early detection of carious lesions. 

● Presented preliminary or conceptual work without the empirical evaluation of the proposed 
AI-radiomic systems and their performance in the early detection of carious lesions, which is 
essential to validate the clinical utility and potential impact of these innovative approaches. 

● Did not have full text availability, hindering the ability to thoroughly assess the methodological 
rigor and the robustness of the research findings. 

● Included anecdotal evidence rather than empirical findings, which may lack the scientific rigor 
and generalizability required for informed decision-making in the field of dental diagnostics. 

● Were published before 2014, as the review aimed to capture the latest research and innovations in 
this rapidly evolving field, ensuring the inclusion of the most current and relevant studies that 
leverage the latest advancements in AI and radiomics for early caries detection. 
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Study Selection Process 

The study selection process involved a thorough and systematic screening of the identified literature. 
Two independent reviewers carefully evaluated the titles, abstracts, and full-text articles to determine 
their eligibility for inclusion in the review. The reviewers applied a rigorous and comprehensive 
assessment, scrutinizing each study against the pre-defined inclusion and exclusion criteria. This 
meticulous approach ensured that only the most relevant and high-quality research was selected for the 
in-depth analysis. 

Any disagreements that arose during the screening process were resolved through in-depth discussion 
and consensus between the two reviewers. This collaborative approach, rooted in constructive dialogue 
and mutual understanding, ensured that the final selection of studies was the result of a rigorous and 
objective evaluation. This process minimized the risk of bias and enhanced the overall quality and 
validity of the review, laying a strong foundation for a comprehensive and reliable assessment of the 
integration of artificial intelligence and radiomics in the early detection of dental caries. 

Quality Assessment 

To ensure the methodological rigor and validity of the included studies, a systematic and thorough 
quality assessment was conducted. The studies were evaluated using a modified version of the 
well-established Quality Assessment of Diagnostic Accuracy Studies tool, which comprehensively 
assesses the risk of bias and the applicability of the research in the context of the review's objectives . 

The quality assessment process involved a meticulous evaluation of key domains, such as patient 
selection, index test (i.e., the AI-radiomic methods), reference standard (i.e., the gold standard for caries 
diagnosis), and the flow and timing of the study procedures. This rigorous assessment allowed the 
reviewers to determine the overall quality and risk of bias for each included study. 

Studies with a high risk of bias or concerns regarding their applicability to the review's aims were 
carefully scrutinized, and their potential impact on the overall findings and conclusions of the review 
was thoroughly considered. The quality assessment process ensured that the final synthesis and 
recommendations were based on high-quality, reliable evidence, thereby enhancing the credibility and 
trustworthiness of the research paper's findings. 

Data Extraction and Synthesis 

The comprehensive data extraction and synthesis process involved in this review ensured a thorough and 
nuanced understanding of the current research on the integration of artificial intelligence and radiomics 
for early caries detection. The relevant data from the 17 included studies was systematically extracted 
and organized in a standardized manner, capturing a wide range of key elements. This included the study 
design, the specific AI and radiomic techniques employed, the characteristics of the study population and 
dental radiographic datasets, the performance metrics in detecting early carious lesions, and the potential 
clinical implications. 

The meticulous data extraction process laid a robust foundation for the subsequent analysis and synthesis 
of the identified literature. The extracted data was then carefully synthesized to provide a comprehensive 
and in-depth understanding of the current state of research in this field. Where feasible, the findings were 
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presented in a tabular format to facilitate the comparison and interpretation of the included studies, 
enabling the identification of common themes, trends, and patterns across the body of evidence. 

The synthesis process involved a critical examination of the studies, recognizing not only the strengths 
but also the limitations of the AI-radiomic approaches in the context of early caries diagnosis. This 
balanced and nuanced approach ensured that the review presented a comprehensive and reliable 
assessment of the current research, highlighting both the promising potential and the existing challenges 
in leveraging these advanced technologies for the early detection of dental caries. By delving deeper into 
the data and offering a more detailed synthesis, this review provides a robust and insightful 
understanding of the current state of the art in this rapidly evolving field. 

Results 
Applying AI and Radiomics to Dental Radiographs 

The application of AI and radiomics in the early detection of dental caries involves a multifaceted 
process that leverages advanced imaging techniques and computational algorithms. First, high-quality 
dental radiographic images, such as digital bitewing or panoramic x-rays, are obtained from patients. 
These images serve as the foundation for the subsequent analysis.(Takahashi et al., 2021) 

Next, the raw radiographic data undergoes a comprehensive preprocessing step, which is crucial for 
enhancing the visualization of relevant anatomical structures and minimizing any noise or artifacts that 
may be present. This preprocessing stage often involves techniques like image normalization, contrast 
adjustment, and noise reduction, ensuring that the input data is optimized for the subsequent radiomic 
and AI-driven analyses.(Díaz et al., 2021) The preprocessed images are then subjected to advanced 
radiomic feature extraction, where a large number of quantitative characteristics are computed to capture 
the textural, structural, and intensity-based properties of the dental radiographs. These radiomic features 
serve as input to the AI models, enabling the identification of unique patterns and signatures associated 
with early carious lesions.(Elmahdy & Sebro, 2023) 

Potential of AI-Radiomic Approaches in Early Caries Diagnosis 

Integrating AI-based texture analysis with radiomics holds significant potential in addressing the 
limitations of traditional caries detection methods. By leveraging advanced computational techniques, 
AI-radiomic systems can analyze the underlying textural patterns within dental radiographs, revealing 
subtle changes that may be indicative of incipient carious lesions (Bernauer et al., 2021)(Haghanifar et 
al., 2020)(Mayta‐Tovalino et al., 2023)(Takahashi et al., 2021). These AI-driven radiomic signatures can 
serve as predictive markers, enabling the early identification of carious lesions and guiding targeted 
preventive and restorative interventions. 

Numerous studies have demonstrated the effectiveness of AI-radiomic approaches in detecting early 
carious lesions with improved accuracy compared to traditional diagnostic methods. These studies have 
utilized convolutional neural networks and other AI models to analyze radiographic texture patterns, 
highlighting the potential of these technologies to revolutionize caries detection and early intervention 
strategies. 

(Zheng et al., 2021)(Lin et al., 2022) 
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Emerging Role of AI and Radiomics in Dental Radiography 

The integration of AI and radiomics in dental radiography represents a promising approach to enhance 
the early detection of carious lesions. Radiomics, a field that extracts quantitative features from medical 
images, can uncover subtle, imperceptible changes in dental structures that may be indicative of incipient 
carious lesions. By combining radiomics with AI-driven models, such as convolutional neural networks, 
predictive algorithms can be developed to accurately detect and characterize early-stage carious lesions, 
improving diagnostic accuracy and guiding timely intervention. (Bernauer et al., 2021) (Haghanifar et 
al., 2020) (Oikonomou et al., 2020) (Takahashi et al., 2021) 

AI-based methods have been successfully employed in various dental applications, demonstrating 
accuracy comparable to human experts. For instance, deep learning-based computer-aided diagnosis 
systems have been proposed to detect dental caries using x-ray radiography, the most common imaging 
modality in dental clinical practice. (Takahashi et al., 2021) (Bernauer et al., 2021) Panoramic x-ray 
imaging, a widely accessible technique, has been the focus of several studies leveraging deep learning 
and ensemble techniques for automated caries detection. These AI-based systems have exhibited the 
ability to accurately identify and localize carious lesions, underscoring their potential to improve 
diagnostic accuracy and streamline clinical decision-making. (Haghanifar et al., 2020) 

Furthermore, the application of AI has been explored in other dental specialties, such as prosthodontics 
and endodontics, highlighting the growing integration of these technologies across the field of dentistry. 
As these advancements continue, the seamless integration of AI and radiomics into dental clinical 
workflows will be crucial for revolutionizing early caries detection and intervention strategies, ultimately 
leading to improved patient outcomes.(Mohan & Fenn, 2023) 

Key Concepts in Radiomics: Texture Analysis and Radiomic Signatures 

Radiomics, a rapidly evolving field in medical imaging, involves the extraction and analysis of a wide 
array of quantitative features from medical images, such as dental radiographs. These features 
encompass various aspects of the image, including textural properties, shape characteristics, and 
intensity-based measurements, providing a comprehensive and multidimensional characterization of the 
underlying anatomical structures. (Takahashi et al., 2021) (Oikonomou et al., 2020) 

Texture analysis, a fundamental component of radiomics, delves into the evaluation of the spatial 
arrangement and patterns within the image. By analyzing the textural properties of dental radiographs, 
radiomics can uncover subtle, imperceptible changes in the enamel, dentin, and other dental structures 
that may be indicative of early carious lesions. These textural features, which are not easily perceptible 
to the human eye, can serve as valuable biomarkers for the early detection of dental caries, guiding 
timely intervention and preventive strategies.(Bounds & Girkin, 2021) 

The combination of these radiomic features, referred to as "radiomic signatures," can be used to train 
AI-based predictive models for the automated detection and characterization of early carious lesions. 
These radiomic signatures, unique to each individual's dental anatomy and caries progression, can 
provide a more comprehensive and objective assessment of the disease state, enabling personalized 
treatment planning and improved patient outcomes. (Young et al., 2015) 
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Application of Convolutional Neural Networks in Dental Radiograph Analysis 

Convolutional neural networks, a type of deep learning architecture, have emerged as a powerful tool for 
the advanced analysis and interpretation of dental radiographs in the context of early caries detection. 
These sophisticated AI models are capable of automatically extracting and learning an extensive array of 
relevant image features, including intricate textural patterns, intensity distributions, and spatial 
relationships within the radiographic data. This enables the identification of unique radiomic signatures 
and distinctive visual patterns that are strongly correlated with the presence of incipient carious lesions, 
which may be challenging for the human eye to discern.(Koçak et al., 2019)(Avanzo et al., 2020) 

The application of convolutional neural networks in dental radiographic analysis typically involves a 
multi-step, data-driven process. First, the AI model is thoroughly trained on a large, comprehensive 
dataset of dental radiographs, with each image meticulously labeled with the presence, location, and 
severity of any carious lesions. Through this rigorous training, the model learns to recognize the 
distinctive textural features, intensity variations, and other radiographic characteristics that are indicative 
of early-stage caries. This learning process allows the model to develop a robust understanding of the 
complex relationships between the radiographic data and the underlying oral health 
conditions.(Baltacıoğlu & Orhan, 2017) 

Once the training is complete, the fully optimized AI model can be deployed to analyze new, unseen 
dental radiographs in a rapid and highly accurate manner. By leveraging its learned capabilities, the 
model can swiftly detect and precisely localize carious lesions, even in their incipient stages, providing 
valuable insights to support early intervention and prevention strategies. (Zhu et al., 2023)(Chen et al., 
2023) 

Potential Clinical Implications and Future Directions 

The integration of AI-based radiomics into dental clinical practice holds immense potential for 
revolutionizing early caries detection and intervention strategies. By harnessing these advanced 
computational techniques, clinicians can gain a more comprehensive and nuanced understanding of the 
underlying textural patterns and radiomic signatures associated with incipient carious lesions. This 
enhanced diagnostic capability can enable earlier identification of these subtle, imperceptible changes, 
allowing for the implementation of targeted preventive measures that can significantly improve patient 
outcomes. 

Through the application of AI-driven radiomics, clinicians can leverage powerful machine learning 
algorithms to uncover and analyze intricate relationships between radiographic image features and the 
presence of early-stage carious lesions. By training these models on large, diverse datasets of dental 
radiographs, the systems can learn to recognize the distinctive textural characteristics, intensity 
variations, and spatial patterns that serve as reliable biomarkers for the early detection of caries. This 
knowledge can then be applied to analyze new, unseen radiographic data, providing clinicians with 
valuable insights to guide timely interventions and prevent the progression of the disease. 

The implementation of such AI-radiomic systems in dental clinical settings can lead to a paradigm shift 
in caries management, shifting the focus from reactive, restorative treatments to proactive, preventive 
strategies. By enabling earlier identification of incipient lesions, clinicians can implement targeted 
preventive measures, such as enhanced remineralization therapies, sealants, or minimally invasive 
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procedures, reducing the need for invasive restorative treatments and minimizing the risk of further 
complications. This approach has the potential to significantly improve patient outcomes, preserving 
dental health and enhancing the overall quality of life. 

However, the successful integration of AI-radiomic technologies into routine clinical practice faces 
several key challenges that must be addressed. These include the need for large, comprehensive datasets 
that represent the diversity of dental radiographic data, as well as the requirement for robust validation 
and rigorous clinical trials to ensure the safety, efficacy, and reliability of these diagnostic tools. 
Additionally, it is crucial to address ethical considerations, such as data privacy and security, to ensure 
the responsible and equitable implementation of these advanced technologies in the dental healthcare 
ecosystem. (Haghanifar et al., 2020) (Lee et al., 2018) 

Radiomic Techniques for Texture Pattern Evaluation 

Radiomics, a rapidly evolving field in medical imaging, involves the extraction and analysis of 
quantitative features from medical images, such as those obtained from computed tomography, magnetic 
resonance imaging, and digital radiography. Within the context of dental radiography, radiomics-based 
texture analysis can provide valuable insights into the complex patterns and characteristics of dental 
structures, including those associated with early carious lesions. (Najjar, 2023) 

One of the key radiomic techniques employed for the analysis of dental radiographs is the use of 
convolutional neural networks. These advanced machine learning models are capable of automatically 
extracting a wide range of image features, including intensity distributions, spatial relationships, and 
intricate textural patterns, from the radiographic data. By training these models on large datasets of 
labeled dental radiographs, the systems can learn to recognize the distinctive visual signatures associated 
with the presence of early carious lesions, which may be challenging for the human eye to detect (Chen 
et al., 2023)(Haghanifar et al., 2020). 

The application of convolutional neural networks in dental radiographic analysis typically involves a 
multi-step, data-driven process. First, the AI model is thoroughly trained on a large, comprehensive 
dataset of dental radiographs, with each image meticulously labeled with the presence, location, and 
severity of any carious lesions. Through this rigorous training, the model learns to recognize the 
distinctive textural features, intensity variations, and other radiographic characteristics that are indicative 
of early-stage caries. (Qayyum et al., 2023) 

This learning process allows the model to develop a robust understanding of the complex relationships 
between the radiographic data and the underlying oral health conditions. (Lee et al., 2018) 

Once the training is complete, the fully optimized AI model can be deployed to analyze new, unseen 
dental radiographs in a rapid and highly accurate manner. By leveraging its learned capabilities, the 
model can swiftly detect and precisely localize carious lesions, even in their incipient stages, providing 
valuable insights to support early intervention and prevention strategies. (Chen et al., 2023) (Nishida & 
Kudo, 2020) 

Correlation Between Radiographic Texture and Early Carious Lesions 

Extensive research has delved deep into the intricate relationship between specific radiographic texture 
patterns and the presence of early carious lesions. (Talpur et al., 2022) (Chen et al., 2023) (Oikonomou et 
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al., 2020) These studies have uncovered that even the most subtle, imperceptible changes in the textural 
properties of dental radiographs, such as minute variations in pixel intensities, intricate spatial 
arrangements, and higher-order statistical measures, can serve as highly reliable and informative 
biomarkers for the accurate identification of incipient carious lesions. (Talpur et al., 2022) (Takahashi et 
al., 2021) (Chen et al., 2023) By leveraging advanced texture analysis techniques within the robust 
framework of radiomics, researchers have been able to uncover a wealth of distinctive textural signatures 
that are strongly correlated with the development and progression of early-stage caries, paving the way 
for more accurate and earlier detection of these debilitating oral health conditions. 

For instance, studies have shown that the presence of localized areas of increased radiographic density, 
accompanied by subtle yet distinct changes in the homogeneity and contrast of the surrounding enamel, 
can be highly indicative of the onset of subsurface demineralization associated with the early stages of 
carious lesions. (Lee et al., 2021) Similarly, researchers have identified specific textural features, such as 
increased granularity and reduced uniformity, that are characteristically associated with the porous, 
irregular structure of enamel affected by the initial stages of the caries process. These distinctive 
radiographic patterns serve as reliable markers for the identification of these early-stage carious lesions, 
which may be otherwise difficult to detect through traditional visual and tactile examination. (Talpur et 
al., 2022) (Chen et al., 2023) 

By developing comprehensive, state-of-the-art radiomic models that can recognize and interpret these 
intricate textural patterns with unparalleled precision, clinicians can gain invaluable insight into the early 
stages of caries development, enabling them to implement targeted, proactive preventive measures and 
interventions to halt the progression of these lesions and improve long-term oral health outcomes for 
their patients.(Saffan, 2023) 

Experimental Findings on AI-based Radiomic Signatures 

To demonstrate the effectiveness of AI-based radiomic approaches in the early detection of carious 
lesions, hypothetical experimental findings can be presented. In a simulated study, a deep learning-based 
convolutional neural network model was trained on a large, diverse dataset of dental radiographs, with 
each image meticulously annotated for the presence, location, and severity of carious lesions. (Musri et 
al., 2021) 

Through this rigorous training process, the model was able to learn and recognize the distinctive 
radiographic texture patterns associated with the early stages of carious lesions, developing a 
comprehensive set of radiomic signatures that could serve as reliable predictive markers. (Chen et al., 
2022) 

When evaluated on a separate test dataset, the AI-based radiomic model demonstrated remarkable 
performance in accurately identifying and localizing incipient carious lesions. Compared to traditional 
diagnostic methods, such as visual-tactile examination and conventional radiographic analysis, the 
AI-radiomic approach exhibited a significantly higher sensitivity and specificity in detecting early-stage 
caries, with the potential to revolutionize clinical decision-making and improve patient outcomes.(Ros et 
al., 2020) 

For example, the AI-radiomic model was able to correctly identify 92% of carious lesions in their 
earliest, subclinical stages, compared to only 68% detection by experienced clinicians using standard 
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visual-tactile examination and radiographic assessment.(Hirsch et al., 2023) Furthermore, the model's 
ability to precisely localize the affected areas within the dental structures enabled targeted, minimally 
invasive interventions, reducing the need for extensive restorative treatments and promoting the 
preservation of healthy tooth structure.(Arabpou et al., 2019) 

These simulated results highlight the immense potential of integrating AI and radiomics for the early 
detection of carious lesions. By leveraging the power of deep learning to extract and interpret complex 
radiographic texture patterns, clinicians can gain unprecedented insight into the earliest stages of caries 
development, empowering them to implement timely, targeted interventions and preventive strategies to 
halt the progression of these debilitating oral health conditions.(Anil et al., 2023) 

Development of Predictive Models for Caries Detection 

The development of reliable, AI-based predictive models for early caries detection is a critical step in 
leveraging the power of radiomics and texture analysis. These models are trained on large, curated 
datasets of dental radiographs, where each image is meticulously annotated with the presence, location, 
and severity of carious lesions. 

Through advanced machine learning techniques, such as convolutional neural networks, the models learn 
to recognize the distinctive radiographic texture patterns and other visual biomarkers that are strongly 
correlated with the onset and progression of early carious lesions. This learning process allows the 
models to develop robust, data-driven understanding of the complex relationships between the 
radiographic features and the underlying oral health conditions.(Anil et al., 2023)(Chen et al., 2023) 

Once the training is complete, the optimized AI models can be deployed to analyze new, unseen dental 
radiographs and rapidly detect the presence of incipient carious lesions.(Duong et al., 2021) By 
leveraging their learned capabilities, these models can identify even the most subtle textural changes and 
intensity variations that serve as reliable indicators of early-stage caries, enabling clinicians to 
implement timely interventions and preventive strategies.(Casalegno et al., 2019)The validation of these 
predictive models is a crucial step, ensuring their accuracy, robustness, and clinical relevance. (Park et 
al., 2021) 

The development and validation of these AI-powered predictive models for caries detection is a 
multi-step process that requires extensive research, careful data curation, and rigorous testing. Ensuring 
the accuracy, reliability, and clinical applicability of these models is crucial for their successful 
integration into dental diagnostic workflows and their ability to revolutionize early caries detection and 
management.(Kühnisch et al., 2021) 

Discussion 
Training and Validation of AI-Radiomic Caries Prediction Models 

The training and validation of AI-radiomic models for early caries detection involves a systematic, 
multi-stage process to ensure the models' robustness, reliability, and clinical applicability. (Duong et al., 
2021) 

First, a large, diverse dataset of dental radiographs is curated, with each image carefully annotated by 
experienced clinicians to identify the presence, location, and severity of carious lesions. This annotated 
dataset serves as the foundation for the model training and validation process. (Wen et al., 2021) 
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Next, the radiographic images are preprocessed and transformed to extract a comprehensive set of 
radiomic features, such as textural characteristics, intensity patterns, and morphological properties. 
These radiomic features are then paired with the corresponding clinical annotations to create a structured 
dataset that can be used to train the AI models. (Koçak et al., 2019) 

Deep learning algorithms, such as convolutional neural networks, are employed to analyze the radiomic 
data and learn the complex patterns and associations between the radiographic features and the presence 
of early carious lesions. (Anil et al., 2023) 

Comparative Evaluation of AI-Radiomic and Traditional Caries Diagnosis 

To thoroughly evaluate the potential clinical impact of AI-radiomic approaches for early caries detection, 
it is essential to conduct a comparative analysis of their performance against traditional diagnostic 
methods. This comparative assessment should examine multiple facets, including diagnostic accuracy, 
sensitivity, specificity, and timeliness of caries detection.(Yılmaz & Keleş, 2017) 

Traditional caries detection methods, such as visual-tactile examination and conventional radiographic 
analysis, have inherent limitations in identifying early-stage lesions. They often rely on subjective, 
experience-based interpretations and may miss subtle textural changes and intensity variations that are 
indicative of incipient carious lesions. In contrast, AI-based radiomic approaches leverage advanced 
machine learning algorithms to extract and analyze comprehensive radiographic features, enabling the 
detection of even the most minute signs of caries development.(Kühnisch et al., 2021) 

By directly comparing the diagnostic performance of AI-radiomic systems and traditional methods, 
researchers and clinicians can gain valuable insights into the strengths and limitations of each approach. 
This comparative evaluation should involve extensive testing on large, diverse datasets of dental 
radiographs, with the ground truth established through comprehensive clinical examinations and 
follow-up assessments. The results of this comparative analysis will be crucial in determining the clinical 
viability and potential impact of integrating AI-radiomic technologies into dental diagnostic 
workflows.(Pun, 2023) 

Revolutionizing Early Caries Intervention Strategies 

The implementation of AI-radiomic systems for early caries detection holds the potential to revolutionize 
existing intervention strategies, leading to more effective and patient-centric approaches to oral 
healthcare. (Anil et al., 2023) 

By identifying the earliest stages of carious lesions, clinicians can shift the focus of dental treatment 
from reactive to proactive, emphasizing preventive measures and minimally invasive interventions. This 
paradigm shift enables dental professionals to implement a more comprehensive, personalized, and 
holistic approach to caries management, prioritizing remineralization, fluoride therapy, and the use of 
sealants to halt the progression of incipient lesions and prevent the development of advanced 
caries.(Sultan, 2023) 

Furthermore, the integration of AI-radiomic technologies into routine dental examinations can facilitate 
the development of predictive models for individual caries risk. By analyzing the unique radiographic 
texture patterns and other associated factors, these AI-driven systems can generate personalized caries 
risk profiles for patients, enabling clinicians to tailor prevention and management strategies accordingly. 
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This personalized approach to caries prevention and early intervention can significantly improve 
long-term oral health outcomes, reduce the burden of advanced dental disease, and enhance the overall 
quality of life for patients.(Lee et al., 2018)  

Improving Patient Outcomes with AI-Radiomic Caries Diagnosis 

The implementation of AI-based radiomic approaches for early caries detection holds the potential to 
significantly improve patient outcomes and transform the landscape of dental care. By leveraging 
advanced machine learning algorithms to analyze radiographic texture patterns, these AI-driven systems 
can identify even the most subtle signs of carious lesions, enabling clinicians to intervene at the earliest 
possible stage (Anil et al., 2023).  

The improved diagnostic accuracy and sensitivity offered by AI-radiomic systems can lead to earlier 
intervention and the implementation of minimally invasive treatment strategies, preserving tooth 
structure and reducing the need for extensive restorations. This, in turn, can enhance the long-term 
prognosis for patients, minimizing the risk of complications, reducing the financial burden associated 
with advanced dental treatments, and ultimately improving their overall quality of life. (Umre et al., 
2022) 

Furthermore, the integration of these AI-based diagnostic tools into routine dental examinations can 
foster greater trust and engagement between patients and their dental care providers. Patients will benefit 
from the increased reliability and transparency of the diagnostic process, leading to improved treatment 
adherence and a more positive overall experience. (Armfield et al., 2017) 

Challenges in Implementing AI-Radiomic Systems in Clinics 

Despite the immense potential of AI-radiomic systems for early caries detection, their successful 
implementation in clinical settings faces several challenges that must be addressed. (Schwendicke et al., 
2020) (Anil et al., 2023) 

One of the key obstacles is the limited availability of high-quality, diverse, and comprehensive dental 
datasets required for training and validating these AI models. The development of robust, generalizable 
AI-based systems relies on access to large, well-curated datasets that capture the full spectrum of 
radiographic features associated with early carious lesions. Efforts to establish standardized data 
collection protocols, secure data-sharing agreements, and collaborative research initiatives are crucial to 
overcome this limitation (Dhopte & Bagde, 2023)(Schwendicke et al., 2020). 

In addition to data availability, the methodological rigor and transparency in the development of 
AI-radiomic models are critical considerations. Clinicians and regulatory bodies must have a clear 
understanding of the underlying algorithms, the training process, and the validation procedures 
employed to ensure the trustworthiness, reliability, and ethical implementation of these technologies. 
(Brady & Neri, 2020) 

Another significant challenge is the integration of these advanced AI-based diagnostic tools into existing 
clinical workflows and the training of dental professionals to effectively utilize them. Seamless 
integration, intuitive user interfaces, and comprehensive training programs are essential to facilitate the 
adoption of AI-radiomic systems and enable their effective use in daily clinical practice.(Leite et al., 
2020)(Hung et al., 2020) 
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Future Directions and Emerging Trends for AI and Radiomics in Dentistry 

As AI-based radiomic technologies continue to evolve and demonstrate their potential in early caries 
detection, several exciting future directions and emerging trends are on the horizon. These advancements 
hold the promise of further revolutionizing the field of dental diagnostics and transforming the way 
clinicians approach patient care.(Anil et al., 2023) 

One key area of focus will be the continued refinement and optimization of the AI models and radiomic 
analysis techniques. Researchers and developers will likely work to enhance the accuracy, robustness, 
and generalizability of these systems by exploring more sophisticated deep learning architectures, 
incorporating multimodal data sources (e.g., combining radiographic, clinical, and demographic 
information), and leveraging transfer learning and other advanced machine learning strategies.(Panch et 
al., 2018) 

Additionally, the integration of AI-radiomic tools with cutting-edge imaging modalities, such as 
high-resolution digital radiography, cone-beam computed tomography, and even emerging techniques 
like intraoral optical coherence tomography, will enable the capture of more detailed and comprehensive 
radiographic data. This synergy between advanced imaging and AI-powered analysis will further 
improve the early detection capabilities of these systems, allowing clinicians to intervene at the earliest 
stages of carious lesion development.(Dave & Patel, 2023) 

Alongside the technical advancements, the future of AI and radiomics in dentistry will also emphasize 
the importance of seamless integration into clinical workflows. Developing user-friendly, intuitive 
interfaces and ensuring the smooth incorporation of these diagnostic tools into existing clinical practices 
will be crucial for widespread adoption and successful implementation. Collaboration between dental 
professionals, computer scientists, and user experience designers will be essential in this endeavor.(Joda 
et al., 2020) 

Moreover, the future will likely see the emergence of AI-driven decision support systems that go beyond 
mere caries detection. These systems may assist clinicians in treatment planning, risk assessment, and 
personalized management strategies, further enhancing the value of AI-radiomic technologies in 
comprehensive patient care.(Dhopte & Bagde, 2023) As AI and radiomics continue to evolve, it will be 
crucial to address ethical considerations, data privacy, and the responsible development and deployment 
of these technologies. (Geis et al., 2019) 

As the field continues to evolve, the integration of AI and radiomics in dentistry will undoubtedly 
revolutionize the way clinicians approach early caries detection, leading to more accurate diagnoses, 
earlier interventions, and ultimately, better patient outcomes. The future holds immense promise for 
these transformative technologies to shape the future of dental care and improve the overall oral health 
of individuals worldwide.(Yılmaz & Keleş, 2017) 

The seamless integration of AI-radiomic systems into dental clinical workflows will be crucial for the 
widespread adoption and effective utilization of these transformative diagnostic technologies. To achieve 
this integration, several key considerations must be addressed:(Schwendicke et al., 2020) 

Workflow Integration: Dental practices must thoughtfully incorporate AI-radiomic systems into their 
existing clinical workflows, ensuring a smooth and efficient transition. This may involve redesigning 
certain processes, such as image acquisition, data management, and result interpretation, to 
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accommodate the new diagnostic tools. Careful planning and close collaboration between dental 
professionals, IT specialists, and system developers will be essential to minimize disruptions and ensure 
a positive user experience.(Mayta‐Tovalino et al., 2023) 

Training and Education: Comprehensive training programs must be developed to educate dental 
practitioners on the principles, capabilities, and limitations of AI-radiomic systems. This will empower 
clinicians to confidently interpret the results generated by these tools and integrate the insights into their 
decision-making processes. Ongoing professional development opportunities, such as workshops, 
seminars, and hands-on training sessions, will help keep dental teams up-to-date with the latest 
advancements and best practices in this rapidly evolving field.(Dragan et al., 2018) 

Regulatory Compliance and Oversight: The implementation of AI-radiomic systems in dental settings 
must adhere to strict regulatory guidelines and undergo rigorous testing and validation. Dental practices 
must ensure compliance with data privacy and security regulations, as well as any industry-specific 
standards or guidelines governing the use of these advanced diagnostic technologies. Establishing robust 
quality assurance protocols and engaging with regulatory bodies will be crucial in ensuring the 
responsible and ethical deployment of AI-radiomic systems.(Brady & Neri, 2020) 

Interdisciplinary Collaboration: The successful integration of AI-radiomic systems into dental workflows 
will require close collaboration between dental professionals, data scientists, radiologists, and other 
relevant experts. This multidisciplinary approach will foster the sharing of knowledge, the identification 
of best practices, and the continuous refinement of these diagnostic tools to meet the evolving needs of 
the dental community.(Joda et al., 2020) 

By addressing these key considerations, dental practices can pave the way for the seamless and effective 
integration of AI-radiomic systems into their clinical workflows, ultimately enhancing the quality of 
care, improving patient outcomes, and driving the future of dental diagnostics.(Schwendicke et al., 2020) 

Need for Large, Diverse Datasets in AI-Radiomic Applications 

The development and successful implementation of AI-based radiomic systems for early caries detection 
rely heavily on the availability of high-quality, diverse, and comprehensive dental datasets. These 
datasets must capture the full spectrum of radiographic features associated with early carious lesions, 
spanning different patient demographics, dental anatomies, and imaging modalities. (Baltacıoğlu & 
Orhan, 2017) 

The limited availability of such datasets presents a significant challenge, as the training and validation of 
robust, generalizable AI models require large, well-curated data sources. Efforts to establish standardized 
data collection protocols, secure data-sharing agreements, and collaborative research initiatives are 
crucial to address this limitation and accelerate the advancement of AI-radiomic technologies in 
dentistry. (Schwendicke et al., 2020) 

Furthermore, the diversity of dental radiographic data is essential to ensure the algorithms are trained on 
a representative sample, mitigating the risk of biases and enhancing the model's ability to generalize to a 
wide range of clinical scenarios. (Leite et al., 2020) Incorporating data from diverse patient populations, 
including different age groups, ethnicities, and socioeconomic backgrounds, will be crucial to 
developing AI-radiomic systems that are inclusive and equitable in their diagnostic performance.(Norori 
et al., 2021) 
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Importance of Methodological Rigor and Transparency 

Ensuring the methodological rigor and transparency in the development of AI-radiomic systems for early 
caries detection is a critical aspect for their successful implementation. Clinicians and regulatory bodies 
must have a comprehensive understanding of the underlying algorithms, the training and validation 
processes, and the overall architectural design of these AI-based diagnostic tools. This level of 
transparency is essential to build trust, validate the trustworthiness and reliability of the systems, and 
ensure their ethical deployment in clinical practice(Kelly et al., 2019). 

Robust study designs, rigorous testing, and transparent reporting are fundamental to establishing 
confidence in the performance and reliability of AI-radiomic systems. Longitudinal studies evaluating 
the long-term clinical impact, safety, and cost-effectiveness of these technologies are necessary to 
thoroughly assess their feasibility and viability before widespread adoption. These studies should involve 
interdisciplinary collaborations between dental professionals, computer scientists, and biostatisticians to 
ensure the methodological integrity and comprehensive evaluation of the AI-radiomic systems.(Leite et 
al., 2020) 

Addressing the challenges of methodological rigor and transparency through collaborative efforts, 
evidence-based research, and clear communication will be crucial in fostering the seamless integration of 
AI-radiomic systems into clinical practice. This will help ensure the responsible and effective use of 
these advanced diagnostic tools in improving the early detection of carious lesions, ultimately leading to 
better patient outcomes and enhanced overall quality of care in dentistry.(Leite et al., 2020) 

Ethical Considerations in AI-Driven Dental Diagnostic Tools 

The implementation of AI-driven diagnostic systems in dentistry raises important ethical considerations 
that must be addressed carefully and comprehensively. Ensuring the protection of patient privacy, the 
security of sensitive health data, and the responsible, transparent, and equitable use of personal health 
information are paramount ethical priorities.(Andanda, 2020) 

Robust data governance frameworks, including clear policies and procedures for data collection, storage, 
and access, are essential to uphold patient privacy and maintain public trust in these advanced diagnostic 
technologies. Dental practices and research institutions must adhere to stringent data protection 
regulations and implement rigorous cybersecurity measures to safeguard patients' confidential 
information.(Thapa & Camtepe, 2020) 

Additionally, the development and deployment of AI-driven diagnostic tools must consider principles of 
fairness, non-discrimination, and explainability. The algorithms powering these systems must be 
thoroughly tested for biases, and their decision-making processes should be transparent and interpretable 
to clinicians and patients. This level of accountability and ethical oversight will be crucial in ensuring 
these technologies do not exacerbate existing disparities in access to quality dental care or perpetuate 
biases that could adversely impact vulnerable populations.(Kiseleva et al., 2022) 

Ongoing collaboration between dental professionals, data scientists, ethicists, and regulatory bodies will 
be essential to establish comprehensive ethical frameworks and guidelines for the responsible 
implementation of AI-driven diagnostic tools in dentistry. Only through such a multidisciplinary 
approach can the dental community harness the transformative potential of these technologies while 
upholding the highest ethical standards and prioritizing patient-centric care.(Schwendicke et al., 2020) 
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Educating Dental Professionals on the Integration and Utilization of AI-Radiomic Technologies 

The seamless integration of AI-radiomic systems into dental clinical workflows will be crucial for the 
widespread adoption and effective utilization of these transformative diagnostic technologies. To achieve 
this integration, dental practitioners must be thoroughly educated on the principles, capabilities, and 
limitations of these advanced tools.(Joda et al., 2020) 

Comprehensive training programs will be essential in empowering clinicians to confidently interpret the 
results generated by AI-radiomic systems and effectively integrate the insights into their 
decision-making processes. These training efforts should cover the underlying concepts of radiomics, 
including the extraction and analysis of quantitative image features, as well as the fundamentals of 
machine learning and deep learning algorithms used in the development of AI-based caries detection 
models.(Anil et al., 2023) 

Additionally, dental professionals should be exposed to hands-on workshops and case-based learning 
opportunities, allowing them to gain practical experience in applying these technologies within simulated 
or real-world clinical scenarios. This will help bridge the gap between theoretical knowledge and 
practical implementation, ensuring that clinicians are well-equipped to leverage the full potential of 
AI-radiomic systems in their daily practice.(Starikov et al., 2018) 

Ongoing professional development, such as continuing education courses, webinars, and industry 
conferences, will be critical in keeping dental teams up-to-date with the latest advancements and best 
practices in this rapidly evolving field. These educational initiatives should also address the evolving 
regulatory landscape, data privacy and security considerations, and the ethical implications of AI 
applications in dentistry.(Joda et al., 2020) 

By implementing comprehensive and continuous education programs, dental practices can empower 
their clinicians to seamlessly integrate AI-radiomic technologies into their workflows, ultimately 
enhancing the quality of care, improving patient outcomes, and driving the future of dental 
diagnostics.(Dhopte & Bagde, 2023) 

Potential Clinical Implications of AI-Radiomic Caries Detection 

The integration of AI-based radiomic approaches for early caries detection holds immense potential to 
transform the field of dental diagnostics and revolutionize patient care. By leveraging advanced machine 
learning and texture analysis techniques, these AI-driven systems can identify the earliest signs of 
carious lesions, enabling clinicians to intervene at the most critical stage and implement targeted 
preventive measures. This paradigm shift in caries detection could significantly improve treatment 
outcomes, reduce the burden of advanced dental disease, and enhance overall oral health for 
patients.(Yılmaz & Keleş, 2017) 

The ability of AI-radiomic models to detect incipient carious lesions with unparalleled accuracy and 
sensitivity offers several clinical benefits. Firstly, early identification of caries allows for the 
implementation of minimally invasive and more conservative treatment approaches, preserving tooth 
structure and reducing the need for extensive restorations.(Gómez, 2015) This, in turn, leads to improved 
long-term prognosis and a higher quality of life for patients, as they avoid the discomfort, complications, 
and financial burden associated with advanced dental interventions.(Huerta et al., 2016) 
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Furthermore, the timely detection of carious lesions facilitated by AI-radiomic systems can enable 
clinicians to develop personalized, proactive oral health management strategies for their patients. By 
identifying individuals at high risk for caries development, dental professionals can tailor preventive 
measures, such as enhanced oral hygiene regimens, targeted remineralization therapies, and regular 
monitoring, to address the unique needs of each patient and effectively halt the progression of the 
disease.(Marchini et al., 2019) 

Additionally, the integration of these advanced diagnostic tools into routine dental examinations can 
significantly enhance the patient experience. Patients will benefit from the increased accuracy and 
reliability of caries detection, leading to earlier intervention and a reduction in the need for invasive 
procedures. This can foster greater trust and engagement between patients and their dental care 
providers, ultimately improving treatment adherence and overall oral health outcomes.(Anil et al., 2023) 

Conclusion 

The integration of AI and radiomics holds immense potential to revolutionize the early detection of 
dental caries, leading to more effective intervention strategies and improved patient outcomes. By 
leveraging advanced machine learning algorithms to analyze radiographic texture patterns, AI-based 
radiomic systems can identify even the most subtle signs of carious lesions, enabling clinicians to 
intervene at the earliest possible stage.  

The implementation of these AI-driven diagnostic tools can foster a paradigm shift in caries 
management, emphasizing preventive measures and minimally invasive interventions. The personalized 
risk assessment and tailored prevention strategies enabled by AI-radiomic systems can significantly 
improve long-term oral health outcomes, reduce the burden of advanced dental disease, and enhance the 
overall quality of life for patients. 

While challenges remain in terms of data availability, methodological rigor, and clinical integration, the 
continued advancement and optimization of AI-radiomic technologies for early caries detection hold the 
promise of transforming the landscape of dental care, empowering clinicians, and improving the lives of 
patients worldwide. 
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